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. Introduction The contributions of this research include: (1) developing a new optimization algorithm, called forensic-based investigation algorithm (FBI) to solve various optimization problems with low

computational effort and high accuracy; ; (2) developing a metaheuristic optimization platform to provide performance indicators clearly, logically, and graphically; and (3) establishing a novel type of Al-
inference technique, presented in two independent systems: metaheuristic-optimized ensemble system (MOES) and metaheuristic-optimized stacking system (MOSS), with remarkably greater accuracy than all
current Al techniques. Those powerful tools were successfully applied in solving project scheduling problem, estimating mechanical strength of reinforced concrete materials, and predicting scour depth at

\ bridge piers. The newly developed tools are highly expected to be applicable in a wide range of industries and help analysts to obtain proper decision-makings. W,
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