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Abstract

A deep generative artificial intelligence (Al) technique creates artificial voices efficiently. In our study, this method 1s employed to address the issue of limited
speech datasets in speech recognition and protect the speaker's identity from potential attackers using zero-shot voice conversion. The study also focuses on
the intricate task of accent detection and evaluating accent similarities. Furthermore, the study demonstrates the detection of human rights violations and safety
crises in voice-based news reports in digital media using deep learning algorithms.
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